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Transfer learning

The weights are calculated adaptively based on each element in
the input sequence to better capture the information in the

input sequence. (Find key points from the global list.)

Through linear transformation, data is first mapped to high-
latitude space and then mapped to low-latitude space,
extracting deeper features.

Its input is a word vector. After a series of linear transformation
and activation functions are processed, another word vector is

output.

Residual connection: The sum of network input and output
solves the problem of gradient disappearance.

Layer normalization: The average value and variance of Batch
Size samples are approximate to those of the entire sample, and

the input data of each dimension is independently standardized.

The pre-training model can complete specific tasks without any

(small) training samples for fine-tuning training.

The knowledge learned from one task (object recognition in the
image) is applied to another task (activity recognition in the

video).
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